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Species-specific molecular responses of wild coral reef
fishes during a marine heatwave
Moisés A. Bernal1,2*, Celia Schunter1,3*, Robert Lehmann1, Damien J. Lightfoot1,
Bridie J. M. Allan4,5, Heather D. Veilleux5,6, Jodie L. Rummer5,
Philip L. Munday5†, Timothy Ravasi7†

INTRODUCTION

Human-induced climate change is one of the main threats to the
persistence of marine organisms. For instance, ocean warming can
lead to physiological challenges for marine ectotherms (1), which,
in turn, can lead to large-scale alterations at the population, community, and ecosystem levels (2). Studies on the long-term effects
of ocean warming suggest that increasing temperatures have already
caused shifts in species’ distribution, changes in behavior, and population declines in many marine taxa (3, 4). However, global warming
following the Industrial Revolution has also led to an increase in the
frequency and intensity of marine heatwaves, particularly during
El Niño Southern Oscillations (ENSOs), over the past 40 years (5–7).
A notable example was the ENSO of the austral summer of 2015–2016,
which resulted in high temperatures that lasted longer than any other
recorded marine heatwave to date in the Great Barrier Reef (GBR)
Australia (6), leading to widespread coral bleaching and mortality
(8). Studies suggest that heatwaves, like the one in 2016, can lead to
population declines in fish species that directly depend on reef-building
corals for food, shelter, and/or reproduction (9). Moreover, long-term
shifts in the composition of fish communities (10) and changes in
fish behavior can arise after acute heat stress (11). However, a complete picture of the response of fishes to marine heatwaves remains
elusive. Much less attention has been given to the direct physiological
response of wild fish populations to warming events, although laboratory experiments show that high temperatures can reduce indi1
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vidual performance (1), with potential detrimental consequences for
population dynamics and sustainability (12).
Tropical ectotherms are thought to be more sensitive to higher
temperatures when compared to temperate species, because the former
evolved under relatively stable thermal conditions (13). Laboratory
studies show that acute warming leads to an increase in resting oxygen
uptake rates in fishes, likely triggered by the increase in resting metabolism (1). In tropical fishes, this increase in resting oxygen uptake is not matched by an increase in maximum oxygen uptake
at higher temperature, leading to a collapse of aerobic metabolic
scope. It has been suggested that the collapse of aerobic scope at
extreme temperatures is at the level of the cardiorespiratory system,
which is collectively termed the oxygen- and capacity-limited thermal tolerance hypothesis (14). When temperatures are too high, the
cardiorespiratory system is no longer able to fulfill additional oxygen
demands for aerobic activities, leading to a reduction in aerobic
performance (15, 16), alteration of growth rates (17), and reduction in
swimming speeds (18). Previous studies focusing on gene expression
of captive fishes have shown that increased oxygen demands at higher
temperatures can lead to activation of genes related to mitochondrial
activity, the electron-transport chain, fatty acid metabolism, and
cellular stress response (19, 20). Furthermore, reproductive hormones
can be affected by warmer conditions, leading to changes in reproductive behavior and declines in reproductive output (21). However,
it remains to be determined whether these molecular responses and
their accompanying physiological challenges are also observed in wild
fish populations during marine heatwaves. Considering that extreme
temperatures could have greater impacts on the performance of
ectotherms, when compared with slight thermal increments over
years or decades (2), a molecular approach would complement our
understanding of how acute warming events directly affect reef fish
communities in nature.
In this study, we evaluate the molecular responses to the 2016
marine heatwave in five species of coral reef fishes from the Lizard
Island, Australia: the damselfishes Acanthochromis polyacanthus
and Pomacentrus moluccensis (Pomacentridae) and the cardinalfishes Ostorhinchus cyanosoma, Ostorhinchus doederleini, and
Cheilodipterus quinquelineatus (Apogonidae; Fig. 1). The selected
species are highly abundant on reefs of Lizard Island and represent
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The marine heatwave of 2016 was one of longest and hottest thermal anomalies recorded on the Great Barrier
Reef, influencing multiple species of marine ectotherms, including coral reef fishes. There is a gap in our understanding of what the physiological consequences of heatwaves in wild fish populations are. Thus, in this study, we
used liver transcriptomes to understand the molecular response of five species to the 2016 heatwave conditions.
Gene expression was species specific, yet we detected overlap in functional responses associated with thermal
stress previously reported in experimental setups. The molecular response was also influenced by the duration of
exposure to elevated temperatures. This study highlights the importance of considering the effects of extreme
warming events when evaluating the consequences of climate change on fish communities.
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families of high diversity and ecological relevance in coral reef ecosystems around the world (22). Furthermore, these species have
previously been studied in laboratory settings for their response
to acute warming, showing differences in their thermal sensitivity
based on measures of oxygen uptake (15, 16). Here, we focus on
changes of the transcriptional program of the liver, as previous
studies have successfully used this organ to understand the effects
of elevated temperatures on metabolic conditioning (19). For the
five species, patterns of gene expression of ~16,000 orthologous
genes were analyzed from samples collected over four time points
across the heatwave. Specifically, we sought to (i) determine whether
the transcriptional responses in the liver are influenced by collection
time and temperature, (ii) identify common molecular mechanisms
associated with the response to acute warming, and (iii) assess
differences between initial and prolonged exposure to heatwave
conditions.
Bernal et al., Sci. Adv. 2020; 6 : eaay3423
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RESULTS

Liver transcriptional programs of five fish species
To understand the molecular response of coral reef fishes to heatwave
conditions, we sequenced liver transcriptomes of fishes from wild
populations throughout the heatwave. De novo assembled transcriptomes for the five reef fish species contained an average of 166,000
transcripts per species (±51,000; data file S1 and fig. S1). These transcripts were then clustered into orthologous groups, which included
one or more contigs from each species. To compare the same genes
across the five species, these orthologous groups were filtered on the
basis of sequence similarity, resulting in a total of 16,494 curated proteins (data file S1). This reference set of orthologous genes allowed
patterns of gene expression to be compared across samples collected
at different time points through the heatwave. These assemblies also
represent the first published transcriptome assemblies for the three
cardinalfishes: O. cyanosoma, O. doederleini, and C. quinquelineatus.
2 of 11
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Fig. 1. Summary of the sampling design. (A) Five fish species analyzed in this study. (B) Temperature records for the sampling location from 2010 to 2016. Dots are
daily averages in 2015–2016. The trendlines representing the 5 years before the heatwave, as well as 2015–2016, are based on the t-based approximation of the daily
temperature averages. The circles at the bottom represent the species collected in that month (i.e., only A. polyacanthus and P. moluccensis were collected in February).
Average temperatures for each month were as follows: December, 27.81°C (SD ±0.45°C); February, 29.55°C (SD ±0.69°C); March, 29.70°C (SD ±0.61°C); July, 24.96°C
(SD ±0.28°C). (C) Schematic representation of the sample processing from liver extraction to gene expression analysis. RNASeq, RNA sequencing.
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clustering of samples in the cladogram (Fig. 2A), as well as the
number of differentially expressed genes (DEGs) between samples
collected at particular time points (Fig. 2B). When examining the
pairwise comparisons of the collection time points, there were no
DEGs shared across all species (fig. S3). Furthermore, clustering
algorithms revealed large gene networks that were highly correlated
by species (fig. S4). These results suggest that there is a molecular
response to the heatwave conditions, but there are differences in the
composition and magnitude of the response between species across
collection times throughout the heatwave.
Despite the lack of shared DEGs across all five species, there
was a phylogenetic signal underlying the observed gene expression
response across the heatwave (Fig. 2A). We found gene clusters
that significantly correlated with the warmest months (February,
only damselfishes; March, both families) when the two different fish
families were separated in the analysis (figs. S5 and S6). This analysis
demonstrates that damselfishes and cardinalfishes reacted differently,
because the former showed a higher number of DEGs between the
different collection times (Fig. 2B). Furthermore, there was considerable overlap in the response of the two species of damselfishes (both
gene and functional categories; fig. S5). Overall, there was a gradient
in the patterns of gene expression, with A. polyacanthus showing the
largest number of DEGs across comparisons followed by P. moluccensis,
O. cyanosoma, and O. doederleini, which had a more intermediate reaction, and C. quinquelineatus presented the smallest numbers of DEGs
between all time points (Fig. 2B and data file S5).
Initial response to heatwave conditions
Between December 2015 and February 2016, water temperatures
at Lizard Island went from an average of 27.81°C (SD ±0.35 ° C) to

Fig. 2. Molecular response to the 2015–2016 marine heatwave in five coral reef fishes. (A) Clustering analysis across all biological replicates revealing samples
grouped tightly by species and collection months represented by different colors. For all analyses, comparisons with samples from February were only possible for
damselfishes A. polyacanthus and P. moluccensis. (B) Number of DEGs between samples collected at different time points of the heatwave. (CQUI, C. quinquelineatus;
ODOE, O. doederleini; OCYA, O. cyanosoma; APOLY, A. polyacanthus; PMOL, P. moluccensis); N/A, not available.
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Gene expression divergence is driven by interspecific
differences and thermal conditions
To explore the molecular basis of the reaction to a heatwave in natural fish populations, we investigated the gene expression patterns
of the five species. For this, we examined the relative contributions
of interspecific differences and collection times and temperatures to
the patterns of gene expression. Clustering of biological samples, as
well as differential gene expression, revealed that the largest differences were between the five species, suggesting that the dominant
factor influencing expression was the specific molecular patterns
exhibited by each species (Fig. 2). To understand how gene expression varies based on phylogenetic relatedness of the studied species,
we performed an analysis of Expression Variance and Evolution (EVE)
(23). The EVE analysis resulted in 145 genes with significantly diverged expression profiles (i.e., higher differences between species
than within samples of one species; data file S2), including some
associated to energy metabolism and stress response (e.g., HSP7C,
FA10, CO9, CP2U1, ADT2, and CRBB; fig. S2). Many of these genes
were also differentially expressed in comparisons with samples
collected in different months and temperatures. These divergent
genes showed significant enrichment for 39 Gene Ontology (GO)
categories including catalytic activity, gene expression, response
to stress, enzyme regulator activity, translation regulator activity,
guanosine triphosphatase (GTPase) activity, and lipid metabolic
process (data file S3). Meanwhile eight genes showed diverse expression profiles (i.e., higher variance of expression within species),
most notably DDX46, GADD45, DIP2A, and EMC8 (data file S4).
The second largest driver of divergence between groups was
the patterns of expression between time points, that is, between
contrasting thermal conditions (Fig. 2). This is illustrated by the
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N-acetylgalactosamine 3--galactosyltransferase 1 (C1GALT1),
which is up-regulated at high temperatures for O. doederleini and
C. quinquelineatus but down-regulated for O. cyanosoma. One of
the gene network clusters that correlated with the March samples of
cardinalfishes (cyan module; fig. S6) showed significant enrichment
for inflammatory and immune response (data file S13). Further evidence of immune response activation during warming is that genes
of the complement system (CO3, CO7, and CO9) showed significant
differences in the gene network and gene expression analyses in the
March samples relative to December. DEP domain-containing protein 5 (DEPDC5), a negative regulator of the mammalian target of
rapamycin (mTOR) complex, was one of the most highly differentiated genes for all three cardinalfishes in March, potentially playing
an important role during the warmest period. Although damselfishes
and cardinalfishes did not show much overlap of DEGs in the different comparisons, similar molecular pathways were activated in
samples collected during the warmest period. For example, one module (red module; fig. S8) showed enrichment of molecular processes
that were up-regulated in damselfishes, including mitochondrial
electron transport and histone modification (data file S14).
To get a more holistic understanding of the effects of acute warming on these fish species, we calculated the temperature quotient (Q10)
of resting oxygen uptake rates (MO2Rest) using previously calculated
values for these species (15, 16). Here, we focused on the change of
oxygen uptake rates from 29° to 31°C, because this is representative of
the heatwave conditions of 2016. The results indicate that O. cyanosoma
(Q10 = 10.46) and A. polyacanthus (Q10 = 8.66) showed the most
temperature sensitivity in MO2Rest across this temperature range.
Meanwhile, P. moluccensis (Q10 = 2.05) and O. doederleini (Q10 = 1.97;
data file S15) exhibited some levels of aerobic compensation. The
species with the least temperature dependence in terms of changes
in resting oxygen uptake rates was C. quinquelineatus (Q10 = 0.23).
Consequences of exposure to a prolonged heatwave
Our sampling strategy allowed us to compare patterns of gene
expression between samples collected at the beginning of the heatwave in February and after 4 weeks of exposure to elevated temperatures until mid-March. The DEGs revealed through this comparison
can be interpreted as the molecular response to prolonged warming,
as between the February and March collections, average water temperatures were 29.77°C (SD ±0.54). We grouped the DEGs from the
different pairwise comparisons between sampling times by the Kyoto
Encyclopedia of Genes and Genomes (KEGG) pathways and plotted
these comparisons using a principal components analysis. Clustering
by KEGG pathways showed that “prolonged exposure” was the most
distinct category among all other comparisons (Fig. 3A). As mentioned previously, this contrast was only possible for damselfishes
(see Materials and Methods for details), where the number of DEGs
was 2706 for A. polyacanthus and 1720 for P. moluccensis (1003 in
common). The slightly lower number in DEGs for P. moluccensis
is most likely a result of the intraspecific variance observed among
biological replicates of this species (fig. S7). Despite the differences
in the number of DEGs, there was considerable overlap in the functional response of damselfishes, as they both showed enrichment for
mitochondrial activity, respiratory chain complex, synthesis of fatty
acids, and oxidoreductase activity (data file S16). Another common response to prolonged warming was the differential regulation
of genes encoding for heat shock proteins (HSPs). HSPs were activated at the beginning of the heatwave in February, but they were
4 of 11
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29.50°C (SD ±0.51 ° C). Animals typically experience an increase in
temperature with the onset of summer, but warming in 2016 was
faster and more intense than previous years (Fig. 1B). Because of
sampling constraints (see Materials and Methods), we only have
February samples for the two damselfishes, but both species show
large differences in gene expression during the onset of the heatwave (fig. S7). Comparing A. polyacanthus samples from December
and February resulted in 3024 DEGs, whereas P. moluccensis exhibited
993 DEGs (Fig. 2B). Of these DEGs, 158 had a common pattern of
expression in both damselfishes, which were also exclusive to the onset
of the heatwave (i.e., not differentiated in other comparisons). This set
of genes showed GO enrichment for cholesterol metabolic processes.
Because of the relatively small number of overlapping genes, six gene
network clusters (i.e., modules) correlated significantly for the February
collection point when both species were included (fig. S5). There were
also differences in the functional responses to initial elevated temperatures between the two damselfishes: A. polyacanthus showed
enrichment for mitochondrial activity, chaperone-mediated protein
folding, immunity, DNA replication, and activity of endoplasmic
reticulum, whereas P. moluccensis showed enrichment for apoptosis,
heme activity, and oxidoreductase activity (data files 6 and 7).
The response to the peak temperatures in March was evaluated
for all five species. For the comparisons between December (before
the heatwave) and March (peak warming), A. polyacanthus showed
3251 DEGs, and P. moluccensis exhibited a similar magnitude in
response (2236 DEGs) with an overlap of 860 DEGs between the two
species. There were shared functional responses between the two
damselfishes in this comparison, including enrichment of gene categories associated with mitochondrial activity, adenosine triphosphate
synthesis, negative regulation of glucocorticoid signaling, protein
translation, and oxidoreductase activity (data file S8). These same
functional enrichments were found in various modules of the correlated
gene network analysis. In addition, multiple genes associated with
histone modifications and chromatin remodeling were up-regulated
in the two damselfishes during the hottest month of the heatwave
(data files S9 and S10). Both of these molecular processes are potentially related to the change in epigenetic regulation, because they can
influence DNA transcription, repair, and replication when organisms
are exposed to environmental stressors (24).
In general, cardinalfishes displayed smaller numbers of DEGs than
damselfishes (Fig. 2B), which also resulted in the enrichment of fewer
functional categories. The response between December and March
resulted in 1118 DEGs for O. cyanosoma, showing enrichment for the
synthesis of glycerol and phosphoenolpyruvate carboxykinase activity
(data file S11). For O. doederleini, there were 1332 DEGs, revealing
enrichment for mitochondrial activity, detoxification, cholesterol,
and fatty acid metabolism. An interesting gene that was up-regulated
in December for both Ostorhinchus species was the cold shock domain-
containing protein E1 (CSDE1), an RNA binding protein aiding in
cell survival at suboptimal temperatures. Lastly, C. quinquelineatus
exhibited only 992 DEGs, with enrichment for activity of the endoplasmic reticulum and mediated unfolded protein response. Twenty
of these genes overlapped for all three cardinalfishes: 17 change their
expression in the same direction (either up- or down-regulated),
while the other 3 genes show opposing but significant changes (data
file S12). Thus, we observed up-regulation of exostosin 1B (EXT1B)
and syntenin (SDCB1) for O. cyanosoma and reduced expression of
these genes for O. doederleini and C. quinquelineatus between December
and March. The opposite occurs for core 1 synthase glycoprotein-
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down-regulated in the March samples for both A. polyacanthus
(HSP13, HSP70, HSP74, and HSPB1) and P. moluccensis (HSP7E,
HSP13, and HSP74), although average water temperature was higher
in March (fig. S9). Only HSPB7 was up-regulated in A. polyacanthus
for March in comparison to February (data file S17). A gene network
cluster of genes for prolonged exposure between February and March
(green module; fig. S10) showed differences for RNA processing and
ribonucleoprotein complex biogenesis between the beginning of the
heatwave and after prolonged exposure (data file 18). Finally, 360
overlapping DEGs were exclusively found in the comparisons of prolonged exposure in damselfishes (i.e., not differentially expressed
with the onset of the heatwave, from December to February). These
were genes associated with biotin metabolic process, cellular oxidant
detoxification, aerobic respiration, fatty acid biosynthesis, and cellular ketone metabolic processes (data file S19).
Readjustment from warmest to coldest temperatures
Between sampling points in March and July, the average water temperature decreased from 29.70°C (SD ±0.53 ° C) to 24.96°C (SD ±
0.24 ° C; Fig. 1B). However, the GBR was considerably warmer in
July 2016 when compared with previous winters (Fig. 1B). Contrasting the fishes’ responses across this ~5°C decrease resulted in a high
number of DEGs for damselfishes: 3855 for A. polyacanthus and
2227 for P. moluccensis. The molecular response in the liver showed
enrichment for functions associated to detoxification, immunity,
mitochondrial activity, lipid synthesis, regulation of apoptosis, and
oxidation-reduction process (red module; fig. S11 and data file S20).
In addition, P. moluccensis showed increased activity for functions
such as aerobic respiration, energy storage, and antioxidant activity,
none of which were observed in A. polyacanthus for that comparison.
For cardinalfishes sampled between March and July, the gene
network analysis showed enrichment for mitochondrial electron
transport, Wnt signaling, and T cell receptor signaling pathways
(black module; fig. S6 and data file S21). The comparison between
the hottest and coldest months for O. cyanosoma and O. doederleini
resulted in more than 1500 DEGs, many of which were associated
with mitochondrial activity and lipid metabolism (data file S22). In
addition, O. cyanosoma showed increased expression of genes related
to detoxification and gametogenesis, while O. doederleini had acBernal et al., Sci. Adv. 2020; 6 : eaay3423
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tivation of genes related to oxidoreductase activity and response
to leptin. Across all comparisons in our study, the lowest number
of DEGs was for C. quinquelineatus (466 DEGs; Fig. 2B). These
genes are mainly involved in metabolism of peptides and synthesis
of organonitrogen compounds (data file S23). This indicates that
C. quinquelineatus exhibits less variation in gene expression than
any other species in this study, even when facing the substantial
change in conditions from the hottest to the coldest months (Fig. 3B).
The change from heatwave conditions in March to winter conditions in July was the only comparison with overlapping DEGs for
all five species. Fifteen genes overlapped, of which five are expressed
at higher levels in July including functions such as oxidative stress–
induced survival signaling and transport of glucose (data file S24).
The 11 common genes with decreased expression in July are mainly
involved in functions such as translation (ribosomal proteins), alter
native splicing, and mitochondrial respiration.
DISCUSSION

Our study shows how marine heatwaves, such as the one experienced
in the austral summer of 2015–2016 in the northern GBR, can have
direct consequences on the molecular response and physiology of
coral reef fishes. Gene expression is a powerful tool to survey physiological processes and limitations in the face of an environmental
stressor, and a plastic transcriptional response can be indicative
of thermal tolerance (25). Hence, we used liver transcriptomes to
evaluate the reaction of fishes across multiple sampling times during
the heatwave, sampling five fish species of two different families to
gather a broad multispecies perspective. The largest difference in
gene expression was observed between different fish species, followed
by divergence between individuals collected in different months and
temperatures. This pattern is concurrent with our analysis of gene
expression variance, which showed significant divergence in expression for genes involved in the stress response and enzymatic activity,
between the species in this study. However, our analyses also indicate
that interspecific differences in liver gene expression are maintained
when fishes are subject to acute thermal stress. As such, we saw no
overlap of DEGs across all species in the comparisons associated with
the initial stages of warming (i.e., increase in temperature from
5 of 11

Downloaded from http://advances.sciencemag.org/ on March 23, 2020

Fig. 3. Comparison of species functional responses across the heatwave. (A) Principal Component Analysis of relative expression of KEGG functional pathways underlying the weighted gene correlation network analysis. (B) Heatmap representing the number of DEGs associated with specific KEGG pathways on 10 categories associated
with heat stress, across different collection times for each species. Red colors represent higher numbers of DEGs in a KEGG pathway, while blue colors represent few DEGs.
For (A) and (B), “Initial exposure” represents the comparison between fish collected in December and February; “Dec vs. Mar” is the comparison of samples from December
and March; “Prolonged exposure” represents the comparison between February and March; and “Warmest to coldest” is the comparison between March and July.
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Africa to the Pitcairn islands in the Central Pacific; (30)] than the species with the highest molecular response, A. polyacanthus [Indonesia,
Philippines, northeast Australia, and Melanesia; (30)]. This relationship, however, is less clear for the species with intermediate responses,
which also have relatively broad distributions throughout the Indo-
West Pacific. Furthermore, multiple studies indicate that geographic
range is not always a reliable predictor of thermal tolerance (31).
Another factor that could be playing a role is the developmental differences between groups, as the most responsive species is one of the
few coral reef fishes with direct development, where conditions experienced by the parents can directly influence the tolerance of the
next generation (19).
The unique responses of the evaluated species were particularly
apparent during the onset of the heatwave, where the reaction in
damselfishes involved a change in the transcriptional program of
genes associated with cholesterol metabolism. Previous studies
have shown changes in cholesterol metabolism during heat stress in
P. moluccensis (32) and relate change in cholesterol concentration at
different temperatures to liver metabolism (33). Thus, activation of
cholesterol metabolism (here only found in damselfishes) is important
in the maintenance of cellular metabolism and not exclusively due to
dietary changes. Meanwhile, specific responses in cardinalfishes included the up-regulation of CSDE1 in December (O. cyanosoma and
O. doederleini) and July (O. doederleini). This highly conserved RNA
binding protein has been associated to cellular growth in zebrafishes
exposed to cold conditions [17°C; (34)], suggesting that conditions
in July (austral winter) had an effect on the cellular metabolism of
cardinalfishes. Furthermore, all cardinalfishes showed significant
up-regulation of DEPDC5 in March, a negative regulator of the signaling pathway mTOR complex that is differentially expressed in
zebrafish exposed to heat stress (35). Another response only found
in cardinalfishes was the activation of the complement system during
the heatwave, an important component of the innate immune response that promotes inflammation during cellular stress (36).
Despite the lack of shared differential expression for specific genes,
multiple functional pathways did overlap across the different species.
At warm temperatures, damselfishes showed activation of molecular
functions such as immune response, mitochondrial activity, and
toxin metabolism for most comparisons. Cardinalfishes collected
in March also showed activation of these pathways when compared
with samples from colder months (December for O. doederleini
and July for both O. doederleini and O. cyanosoma), albeit less prominently. The only species that did not show activation of similar
functional responses was C. quinquelineatus. These results are consistent with previous laboratory studies in tropical fishes, where
elevated water temperatures led to higher energetic demands, causing
an increase in the resting oxygen uptake rates and reduction in the
aerobic scope (15, 19). In turn, increased oxygen uptake leads to
up-regulation of genes associated with mitochondrial activity, immune response, and toxin metabolism in the liver (19, 20), a link
that is well established in both terrestrial and aquatic organisms (1).
The side effects of increased oxygen uptake rates include the production of reactive oxygen species and metabolic waste, which leads
to up-regulation of pathways associated with cellular stress response
(37). This relationship of stress response with warming conditions
has been observed multiple times in both marine and freshwater
fishes (38). Hence, there were some similarities in the functional
response to warming for both damselfishes and cardinalfishes (with
the exception of C. quinquelineatus), and this general response
6 of 11
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December to February or March; ~1.5°C difference). Overlap of all
species was only observed in the comparison between the hottest
and the coldest months (March and July; ~5°C difference; 15 genes).
To the best of our knowledge, differences in gene expression among
closely related species in the context of a natural stressor have rarely
been studied in wild populations, and on the basis of our results,
it is clear that impacts of a temperature increase will depend on
species-specific physiological tolerance and behavior. Although gene
expression was largely species specific, we did see a phylogenetic
signal where damselfishes exhibited a pattern of gene expression
defined by the different collection points, which was less apparent
for cardinalfishes.
We found a gradient of molecular reactions among the five studied
species, from highly reactive with large changes in gene expression
throughout the heatwave (A. polyacanthus) to an intermediate response (P. moluccensis, O. cyanosoma, and O. doederleini) to less
reactive (C. quinquelineatus). The measures of change in resting
oxygen uptake with increasing temperature are also species specific,
but both lines of evidence only agree on the extreme responses. Thus,
the most responsive species molecularly, A. polyacanthus, also shows
significant changes in aerobic scope under similar thermal conditions
(2, 22) and showed one of the highest Q10 for MO2Rest in our analysis.
Meanwhile, the least reactive species in gene expression analysis,
C. quinquelineatus, did not show a significant decrease in aerobic
scope (16) and showed the lowest Q10 for MO2Rest across this temperature range in laboratory experiments (15). The relationship
between oxygen uptake and molecular response is less clear for
the species with intermediate molecular response. The damselfish
P. moluccensis and the cardinalfish O. doederleini both showed comparable changes in oxygen uptake at warming. However, the former
showed activation of a great number of genes associated with the
electron-transport chain and mitochondrial activity as a result of
temperature increase; yet, this molecular activation was not observed
in the latter. The clearest discrepancy between measurements was
for O. cyanosoma, because this species showed the largest Q10 for
MO2Rest between 29° and 31°C but showed an intermediate molecular response with no activation of functions related to aerobic metab
olism. Overall, the combined phenotypic and molecular evidence
shows that different tropical fishes respond to warming in different
ways, as indicated by both oxygen uptake and gene expression. Moreover, there is little concordance between these two measurements
for species with intermediate responses, suggesting that measures of
oxygen uptake (i.e., MO2Rest and aerobic scope), by themselves, may
be inadequate indicators of the overall physiological responses of wild
populations of reef fish exposed to elevated temperatures (1, 26).
In general, the molecular response of both species of damselfishes
showed clear activation of molecular pathways associated to aerobic
metabolism and cellular stress response, a pattern not observed in
cardinalfishes. There is no clear indicator of what could be driving
this pattern; yet, this observation could be associated to the particular
life history traits of the analyzed species. For example, damselfishes
are diurnal and feed over coral and rubble habitats by day (27),
whereas cardinalfishes are nocturnal and shelter in the reef matrix by
day, dispersing over a variety of habitats to feed at night (28). Furthermore, studies have suggested that there is a correlation between
thermal tolerance and geographic range, as species with broader physiological niches can occupy larger areas (29). Our study partly supports
this observation, as the least responsive species, C. quinquelineatus,
has a much broader distribution [from Red Sea and Eastern Coast of

SCIENCE ADVANCES | RESEARCH ARTICLE

Bernal et al., Sci. Adv. 2020; 6 : eaay3423

18 March 2020

sonal observation) could have influenced the patterns of gene expression we observed. We detected differences in fatty acid metabolism,
glucose transport, and cholesterol, which could be associated with
dietary change, but it remains unclear whether these changes also
occur between seasons during regular years. Unfortunately, obtaining
a “control” year was logistically impossible because we could not predict the heatwave conditions sufficiently in advance, and due to an
already very ambitious sampling scheme for species with no previous
genomic resources (with the exception of A. polyacanthus). Despite
these limitations, the functions of genes that showed expression
changes over the duration of the heatwave concur with previous
laboratory experiments on A. polyacanthus, one of the most studied
tropical marine fish species in the context of global change (19, 20).
One of the central questions in the study of ecological genomics
is the relative importance of phenotypic plasticity with respect to
divergent selection. The analyses of differential expression show that
within-species plasticity plays an important role in the response to
acute warming events. Yet, this multispecies dataset allowed us to
confirm that differences between species also play a role in the response to acute warming, as the analysis of expression variance revealed a considerable number of genes associated to cellular stress
response with elevated divergence between species. Thus, our results
confirm that both mechanisms are important in tropical marine fishes,
depending on the time scale: Plasticity aids in the acute thermal response of heatwaves, but as these events become more frequent, a
heritable signal of expression could lead species toward new fitness
peaks (44).
This is the first time that gene expression patterns have been directly evaluated in wild fish populations during a marine heatwave.
Using liver transcriptomes, we demonstrated that there is a species-
specific molecular response associated with temperature increases in
the wild, which appears to be influenced by both the intensity as well
as the duration of warming. We detected a clear signal of activation
of molecular pathways associated with increased oxygen uptake, activation of the electron-transport chain, and corresponding cellular
stress responses, all of which have been previously linked to temperature increase in multiple species. However, comparisons with
oxygen uptake rates indicate that these laboratory measures, by themselves, do not provide a complete picture of how marine fishes respond
to heatwave conditions, as there was little concordance between
these estimates and patterns of gene expression of wild fish samples.
Questions remain as to how repeated episodes of acute warming
could influence the condition and fitness of fishes and how adaptation will influence long-term response. Considering that marine heat
waves are increasing in frequency, duration, and intensity (5, 7), our
results highlight the importance of recognizing the impacts of extreme
temperature events on reef fishes in conjunction with the average
warming currently being caused by climate change.
MATERIALS AND METHODS

Sampling and sample preparation
Fish were collected in front of Palfrey Island, near Lizard Island
in the northern GBR, Australia (14°41′39.1″S, 145°27′05.3″E). We
collected samples at four different time points: before the heatwave
(8 to 10 December 2015), at the beginning of the heatwave (20 to
22 February 2016), during the extended period of warming (18 to
20 March 2016), and during the Austral winter (18 to 20 July 2016;
Fig. 1B). Water temperature records from 2010 to 2016 were obtained
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coincides with previous studies of marine fishes in captivity, including A. polyacanthus (19, 20), even though the relative magnitude of
changes in gene expression and MO2Rest did not exhibit close concordance among the five species.
For the two damselfishes, it was possible to contrast patterns of
gene expression during the initial stages of the heatwave (February)
and the extended exposure to warm waters (March). This comparison
revealed large differences in the transcriptional program between
two time points (separated by approximately 4 weeks) with comparable temperatures, emphasizing the importance of considering the
duration of warming when evaluating molecular responses. For example, February showed higher levels of expression for HSPs when
compared with March samples, for both species of damselfishes.
These genes are associated with proper folding of proteins when encountering heat stress and are typically up-regulated during the initial stages of warming, but their activation is metabolically costly and
not maintained for extended periods of times (39). Similarly, laboratory experiments in A. polyacanthus showed differential expression
for four HSPs at elevated temperatures (40), yet their activation was
not maintained over long-term exposure to warm conditions (20).
These results highlight the importance of temporal scales in the
response to warming.
The comparison between fish collected in March and July is
where we found the only overlap in differential gene expression between all five species (15 genes), suggesting a common mechanism
of readjustment from the warmest to the coldest conditions. This
common response included the deactivation of mitochondrial genes
associated with the electron transport chain. In March, all species
also showed up-regulation of the gene encoding the transcriptional
regulator chromodomain helicase DNA binding protein 7 (COMD7),
an inactivator of the nuclear factor B complex, a protein influencing
cell cycle regulation during stress (41). Previous studies on warmand cold-water acclimation in zebrafish suggest that the most drastic
response to stress will be found for the temperature that is close to
the maximum tolerance of each species (42). Thus, it is possible that
this common response was triggered by the readjustment to temperatures closer to their optimal range, leading to decreased oxygen
uptake rates at lower temperatures (i.e., reduced mitochondrial activity) and recovery after cellular damage produced during the heatwave (i.e., deactivation of the cellular stress response). Nevertheless,
these findings should be interpreted with caution, because this large
change in temperature between the two points (~5°C) not only is a
readjustment after the heatwave but also represents a change from
summer to winter conditions.
The major caveat of this study is that we lack a reference for the
measures of liver gene expression throughout nonheatwave years.
This study was initiated late in 2015 in response to the unprecedented
heatwave conditions that oceanographic models projected would occur
on the northern GBR during the austral summer of 2015–2016. Consequently, we did not have a preestablished baseline of summer gene
expression patterns for the study species. Ideally, we would have a
complete understanding of how liver gene expression fluctuates
throughout the year for the five analyzed species, as liver gene expression can be influenced by multiple other environmental and
biological factors [e.g., reproduction, diet (43)]. Furthermore, heatwave conditions continued into the summer of 2016–2017, rendering
this unsuitable for summer baseline sampling. One additional challenge is that seasonal food availability and trophic changes associated
with the heatwave (i.e., increase in algal cover, J. L. Rummer, per-
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Transcriptome assembly, annotation, and ortholog selection
The RNA sequencing reads were quality trimmed with Trimmomatic
v0.33 (45) by using the parameters “ILLUMINACLIP:TruSeq3-PE-2.
fa:2:30:10, LEADING:4, TRAILING:3, SLIDINGWINDOW:4:15,
MINLEN:40,” retaining 3.1 billion high-quality reads. Putative contamination was removed with Kraken 0.10.6 (46), which resulted in
the removal of 3.3% of all reads. The complete table of read numbers
per individual before and after trimming is available in data file S26.
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The remaining 484 million reads for P. moluccensis, 457 million reads
for A. polyacanthus, 437 million reads for O. cyanosoma, 313 million
reads for O. doederleini, and 421 million reads for O. quinquelineatus
were used to assemble species-specific transcriptomes with Trinity
v2.4.0 (47) using default parameters. The de novo assemblies of
transcriptomes with high-quality reads resulted in 569,734 contigs
for P. moluccensis, 521,812 contigs for A. polyacanthus, 401,607 contigs
for O. doederleini, 2,729,489 contigs for O. cyanosoma, and 493,866
contigs for C. quinquelineatus (fig. S1). This large number of transcripts was reduced using TransDecoder v3.0.1 (48) with default
parameters to retain only those contigs that contained predicted
open reading frames (fig. S1). The percentage of assembled contigs
that passed open reading frame filtering were 24% for P. moluccensis,
32% for A. polyacanthus, 33% for O. doederleini, 9% for O. cyanosoma,
and 28% for C. quinquelineatus. The average number of transcripts
for orthologous gene predictions was 166,143 contigs (±51,099).
The completeness of the de novo transcriptome assemblies was
assessed by determining the number of missing benchmarking
universal single-copy orthologous (BUSCO) genes with BUSCO 2.0
(49) using the Actinopterygii database (data file S27 and fig. S12) and
ranged from 13.5% (A. polyacanthus) to 16.3% (O. doederleini), while
the fraction of complete genes ranged from 80.1% (A. polyacanthus)
to 75.2% (C. quinquelineatus) in the primary Trinity assemblies.
To be able to compare the molecular response between different species, we first grouped the protein sequences predicted by
TransDecoder into clusters of orthologous genes across the five
species using OrthoFinderv1.1.2 (50) with default parameters. This
initial assessment resulted in 57,396 groups, which, on average,
contained 10.5 transcripts. These groups were further filtered to
keep only groups that contained at least one transcript from each of
the five species, resulting in 19,333 groups. This inclusive set of
orthologs was annotated with the UniProt database (release 2017_06)
using BLASTP (Blast+ v2.6.0). Only UniProt accessions that were
one of the top 10 hits for each of the five species were retained, and
the final UniProt ID was selected on the basis of the number of species
that had it as a best match. These filtering steps resulted in 18,416
annotated orthologous groups. However, some groups showed large
variation in the quality of matches to the selected UniProt ID across
species. Thus, we removed ortholog groups where the average e value
of the species was larger than e−30, resulting in the selection of 16,494
annotated orthologous groups across five species for further analysis.
For each orthologous group, a representative protein sequence from
each species was selected as the species-specific reference. This sequence was chosen on the basis of the best match to the selected
UniProt ID, as determined first by the e value and then by the bit
score. The final set of representative transcripts was then annotated
with GO terms, KEGG, and InterPro pathways in Blast2GO (51).
To assess quality of the assembled contigs, an analysis with
Transrate was performed for both the Trinity-assembled and
TransDecoder-filtered transcripts, as well as the contigs retained
after filtering of orthologs with OrthoFinder. The results showed
that the contigs representing the orthologous groups (i.e., those
used as reference for mapping) ranged between 83 and 93% good-
quality contigs (data file S28).
Gene expression analyses
Gene expression levels were obtained by mapping the high-quality
reads against the representative transcript sequence (data file S29)
obtained in the previous orthologous gene filtering step with Bowtie
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from a sensor at 0.6 m at Lizard Island, operated by the Australian
Institute of Marine Science (http://weather.aims.gov.au/#/station/1166;
Fig. 1B). Average temperatures for all days in the calendar month
were as follows: December, 27.81°C (SD±0.45°C; summer); February,
29.55°C (SD ±0.69°C; summer); March 2016, 29.70°C (SD ±0.61°C;
fall); July 2016, 24.96°C (SD ±0.28°C; winter). Average temperatures 7 days before sampling were as follows: December 2015,
27.50°C (SD ±0.09°C); February 2016, 29.60°C (SD ±0.61°C);
March 2016, 29.50°C (SD ±0.24°C); July 2016, 24.72°C (SD ±0.13°C).
We collected two species of damselfishes [family Pomacentridae;
the spiny chromis (A. polyacanthus) and the lemon damselfish
(P. moluccensis)] and three species of cardinalfishes [family Apogonidae;
the five-lined cardinalfish (C. quinquelineatus), the yellow-striped cardinalfish (O. cyanosoma), and Doederlein’s cardinalfish (O. doederleini;
Fig. 1A]. Cardinalfish samples collected in February did not yield
good-quality RNA, making it impossible to develop RNA sequencing
libraries. Thus, for the three cardinalfishes, collection points were
December, March, and July. For each collection point, three to five
fish were collected and sequenced for each of the analyzed species
(data file S25).
Fish were collected using clove oil anesthetic and hand nets on
scuba, and they were euthanized by severing the spinal cord once
transferred to the boat (James Cook University Animal Ethics approval A2408). Liver tissues were dissected out immediately on the
boat, snap frozen in liquid nitrogen, and stored in −80°C until processing. Total RNA was extracted by homogenizing the whole liver
for 1 min in a Fisherbrand Bead Beater with single-use silicon beads
and using up to 30 mg in RNeasy Mini Kits (Qiagen). DNA contamination was removed with DNAse I (Qiagen) treatment for 15 min
in a column, following the manufacturer’s instructions. RNA quality
was evaluated with an Agilent Bioanalyzer. Paired-end fragments of
150 base pairs were sequenced at Macrogen, South Korea, with an
Illumina HiSeq 4000. Ten individuals were sequenced per Illumina
lane, and samples from species and seasons were randomly assigned
to different lanes to avoid any potential biases during sequencing.
To compare the molecular response of the analyzed fishes with
their phenotypic reaction, values of resting oxygen uptake (MO2Rest)
at 29°C (T1) and 31°C (T2) were used to calculated the temperature
quotient (Q10) (15, 16). The Q10 provides a standardized way to compare the change in MO2Rest with increasing temperature across different species. By definition, biochemical rate functions should double
for every 10°C increase in temperature (i.e., Q10 = 2), and deviations
from this indicate thermal independence (i.e., values lower than 2) or
dependence (i.e., values higher than 2). The values of Q10 were calculated with the equation Q10 (MO2Rest2/MO2Rest1)[10/T2 − T1] (16).
Only measures between 29° and 31°C are presented in this comparison,
as these resemble the temperatures reported for the 2016 heatwave.
With the exception of samples of C. quinquelineatus (Nago Island,
Papua New Guinea), all values represent samples from Lizard Island,
Australia.
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process, cellular component, and metabolic function, according to
their function. To understand the relevance of functional pathways
across time points, we annotated the genes in the WGCNA clusters
and the DEGs to the KEGG Pathway Database (56). We estimated
the proportion of sequences that correspond to a particular KEGG
Pathway, and we visualized their similarity across collection time
points with a principal components analysis. In addition, the numbers of DEGs that belong to a particular pathway are presented in a
heatmap using the R package pheatmap 1.0.10.
To understand the variation in the response to warming from a
phylogenetic perspective, we performed, an analysis of EVE (23),
based on a maximum likelihood (ML) tree of the five species. For
this, the assembled contigs were translated into protein coding sequences using TransDecoder, and OrthoFinder was used to define
orthogroups of transcripts based on the protein sequences between
all species, generating a concatenated multiple sequence alignment of
1142 orthogroups (268,959 base pairs, 31.01% gaps, and 84.53% invariant sites). The program RAxML-NG (57) was used to infer the
best ML tree based on 50 random and 50 parsimony-based starting
tree topologies and the LG + G4m model (LG substitution matrix
with discrete GAMMA N categories, ML estimate of alpha). The
1% threshold of nonparametric bootstrapping was reached at 1700
iterations. Only one unique topology was detected among all the
ML trees (fig. S13). Furthermore, the topological Robinson-Foulds
distance of the obtained candidate trees showed that average absolute and relative distances were zero, suggesting that an optimal tree
topology was reached.
We used the phylogenetic tree and normalized read counts of all
samples from DEseq2 (16,494 genes) to run the EVE model. Postprocessing of the obtained file including all theta values was performed
following (58) to obtain P values for each expressed transcript. The
false discovery rate was used to correct P values for multiple testing.
Significant genes (false discovery rate < 0.05) were those that showed
similar patterns of expression within a lineage but were highly
differentiated between lineages (i.e., diverged expression profiles),
as well as genes with higher differences in expression within than between lineages (i.e., diverse expression profiles). An analysis of enrichment of GO categories was done for genes with significantly diverged
expression profiles using a Fisher’s exact test in Blast2GO (51).
SUPPLEMENTARY MATERIALS

Supplementary material for this article is available at http://advances.sciencemag.org/cgi/
content/full/6/12/eaay3423/DC1
Fig. S1. Number of transcripts obtained after de novo transcriptome assembly with Trinity
(gray) and retained transcripts after predicting open reading frames with TransDecoder (black).
Fig. S2. Normalized read counts for six of the genes that showed divergent expression
(i.e., larger differences between species) in the analysis of EVE.
Fig. S3. Venn diagram showing the overlap of differential expressed genes in the pairwise
comparisons between December and March and December versus July for the five species
of interest.
Fig. S4. Module-trait correlation matrix for all species showing correlation value with P value in
brackets for each module and trait.
Fig. S5. Module-trait correlation matrix for A. polyacanthus and P. moluccensis (damselfish species).
Fig. S6. Module-trait correlation matrix for specimen of all three cardinalfish species
(C. quinquelineatus, O. doederleini, and O. cyanosoma).
Fig. S7. Principal Coordinate Analysis for damselfishes, based on liver gene expression.
Fig. S8. Eigenvalue of expression data for each biological replicate in the red module for
cardinalfishes.
Fig. S9. Heatmaps for the expression of heat-shock proteins in damselfishes.
Fig. S10. Eigenvalue of expression data for each biological replicate in the green module for
damselfishes.
Fig. S11. Eigenvalue of expression data for each biological replicate in the red module for
damselfishes.
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2 v2.2.9 (52) by using the “--highly-sensitive” parameter and analyzing the alignment files with RSEM v1.2.26 (default settings).
Mapping success of high-quality reads back to the representative
ortholog sequences was, on average, 29.8% (±10%). Gene expression
was then analyzed via two different methods: gene network analysis
and differential gene expression analysis. For the weighted gene
correlation network analysis, the package WGCNA (53) was used,
and differential expression was analyzed using the program DESeq2
version 1.18 (54), both in R.
WGCNAs were performed using all biological replicates of all
species, as well as subsets that included only the 2 damselfish species
(with 4 time points each), and only the cardinalfish species (with
3 time points each). WGCNA requires large numbers of biological
replicates to be powerful; therefore, individual species analysis
(ranging from 13 to 20 biological samples) were inconclusive and not
included. Hierarchical clustering was performed with all datasets
for outlier detection and clustering of samples into dendrograms.
Threshold power tests for the WGCNAs were performed, and modules were computed (parameters = blockwiseModules; power = 12;
mergeCutHeight = 0.3; min ModuleSize = 30; TOMType = signed).
Resulting modules were exported (data file S30) and annotated.
Correlations were calculated with provided trait data. Traits of each
biological replicate were (i) the species or the family (Pomacentridae
or Apagonidae) to correlate with a species-specific or phylogenetic
signal and (ii) 0 or 1 values for collections in December, February,
March, or July, as well as February and March combined to identify
correlations with length of exposure to warm conditions. Heatmaps
with module-trait relationships were elaborated, modules with significant trait correlations were further investigated, and module gene
lists were used to perform functional enrichment tests (see below).
Differential gene expression analyses were performed independently
for each of the five species, contrasting samples of damselfishes collected in four different months and cardinalfishes collected on three
different months. We performed a likelihood ratio test with DESeq2
for each species to identify DEGs between samples collected across
all time points. This analysis allows discerning genes that are differentially expressed between all months (i.e., differences in temperature)
from those differentiated within a particular month (i.e., individual
variance within samples of a month). Only genes with a multiple test
corrected significance cutoff of P < 0.01 (i.e., adjusted P value) for at
least one of the thermal treatments were considered to be differentially
expressed. For all individuals of each species, the variance-stabilized
data of the raw read counts of the DEG was extracted with the package
Vegan (55) to make a principal coordinate analysis. To determine
the DEGs between samples of two specific months, pairwise analyses
were performed with the “Contrast” function of DESeq2. At least
four samples were required to replace an outlier of expression for a
particular gene, and if multiple outliers were detected on the basis
of Cook’s distances, that particular gene would not be considered for
downstream analyses.
Functional enrichment and pathway analyses were performed for
all gene sets of interest (either WGCNA modules or DEGs). Enrichment of GO categories for each pairwise comparison was done with
a Fisher’s exact test using Blast2GO (51). For this, a list of genes
of interest was contrasted to the total list of genes in the analysis
(16,494 for all species). The false discovery rate of the analysis was
set to 5%, and the resulting GO terms were summarized with the
option of “Reduce to most specific terms” of Blast2GO. The resulting
GO terms were divided by their corresponding domains: biological
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Fig. S12. Transcriptome completeness estimates for all five species with BUSCO.
Fig. S13. ML tree showing the relationship between the five species analyzed in this study,
generated with RAXML.
Data file S1. Final list of orthologous genes shared across the five sampled species and their
corresponding annotation.
Data file S2. Significantly diverged genes (i.e. higher difference between species) in the
Expression Variance and Evolution (EVE) analysis for all samples collected in our study, and
their corresponding annotation.
Data file S3. Enriched Gene Ontology Categories for the significantly diverged genes
(i.e. higher difference between species) in the Expression Variance and Evolution (EVE) analysis.
Data file S4. Genes with significant plasticity (i.e. higher difference within individuals of a species)
in the Expression Variance and Evolution (EVE) analysis, for all samples collected in our study.
Data file S5. Differentially expressed genes (DEGs) between fish collected at different months
for the five focal species of the study. The dashes represent comparisons that were not
possible, as samples from February for three of the species (C. quinquelineatus, O. cyanosoma,
O. doederleini) were not available.
Data file S6. Functional enrichment for Acanthochromis polyacanthus, based on the DEGs
between samples from December and February.
Data file S7. Functional enrichment of GO categories for Pomacentrus moluccensis, based on
the DEGs between samples from December and February.
Data file S8. Overlap in the enriched Gene Onthology categories based on the differentially
expressed genes of A. polycanthus and P. moluccensis between samples from December and
March.
Data file S9. Functional enrichment of GO terms for the two species of damselfishes, based on
genes belonging to the correlated network “BLUE”.
Data file S10. Functional enrichment of GO terms for the two species of damselfishes, based on
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